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Introduction 
Organisations rarely measure or have a sense for how effective their training expenditure is in 
achieving business goals, even if increasing desired skills is a stated strategic objective. According to a 
2015 McKinsey study based on a survey of over 1,200 multinational organisations, one in five 
respondents said their organisations do not measure the impact of their learning programs at all. 
Within the organisations that do measure impact, employee or manager survey feedback is the most 
commonly cited source. Only 13 percent say their organisations calculate any quantifiable returns on 
their learning investments. This disheartening state of affairs is despite half of respondents stating that 
capability building is one of their organisations’ top three strategic priorities. More than half of 
respondents said that either they do not know whether their training programmes have achieved 
quantitative targets over the last three years, or that they have not set targets at all. (McKinsey, 2015). 

Studies from the American Society of Training and Development (ASTD) in 2002, 2007 and 2009 
(Van Buren & Erskine, 2002; Paradise, 2007; ASTD, 2009) are consistent with these 2015 McKinsey 
findings. Even if organisations do evaluate training effectiveness, they usually only measure whether 
learners enjoyed the training and their short-term recall of the concepts covered. The temptation to 
focus on learner satisfaction with systems and content can become irresistible, as this is in effect the 
only metric available to communicate how well the training team is doing their job. Some amateur 
cognitive psychology can motivate a learning manager to reason, “if the learners are turned off from 
the beginning, they won’t learn anything anyway.” Learner satisfaction and short-term recall are not 
necessarily compelling indicators of value for the executives who allocate budget. They would 
appreciate better indications that an investment in an hour of learning had an equivalent or greater 
financial or behavioural impact on the business.  

Unfortunately, the practice of rudimentary evaluation has been pervasive for so long that the evidence 
indicates the trend shall continue. Therefore, it is practical and perhaps more attainable to focus on 
how learning leaders can succeed in delivering value with what they can influence, even if there are no 
empirical measurements occurring. Learning leaders can therefore thoughtfully tailor learning design 
as well as organisational and social factors in the workplace. 

Purpose 
The author wished to define and validate existing understanding of how organisations measure 
business value, and what variables positively impact value. This will aid in making practical 
recommendations to business leaders about how to structure their learning programmes to best 
maximise their investment. 

Review questions 
To refine the idea of what value creation means in a business context, the author focused on three 
questions: 

1. How does one define the idea of “business value” in learning and development? 
2. What is industry standard for measuring business value? 
3. In an adult learning context, what factors (technological or otherwise) most contribute to 

achievement of business value? 
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Search criteria used 
The author used these search criteria to begin. Often a citation in one article was interesting to search 
for the source explicitly, and these searches are not mentioned. 

In the Scopus database:  

TITLE-ABS-KEY ( technology  AND  learning  AND  transfer  AND  corporate )  AND  ( LIMIT-TO 
( SRCTYPE ,  "j " ) ) 

In the Gothenburg University Library Supersearch: 

technology "instructional design" kirkpatrick corporate, filtered for 2008-2018 and peer reviewed 
journals only 

ROI corporate learning technology program  

transfer corporate learning technology program 

Phillips Five-Level ROI 

In Google 

s+b roi learning measure 

In Google Scholar 

best practice collect kirkpatrick level training data 

 

Review 
The author imagined what a typical business leader would say if asked, “how do you know whether 
this training benefited the business?” and guessed the first response would be, “did the employee 
actually learn something,” or restated, “did the learner use what he or she learned when returning to 
work,” thereby delivering business value for the training investment. With this concept, the search 
began with articles on learning transfer and the Kirkpatrick model, the most prevalent model used in 
the learning community for evaluating the various impacts of training. 

Quickly it became clear that there is a wealth of research available on how various factors affect the 
user acceptance of learning technology and learning programmes in general. There is even some 
research on how these factors impact learning transfer, but although there is no shortage of 
recommended models to assess value, actual empirical research is somewhat lacking. 

Two theoretical models emerged as platforms for further exploration and research: the Technology 
Acceptance Model (TAM) introduced by Fred D. Davis in 1989, and the Kirkpatrick Model of training 
evaluation introduced by Donald J. Kirkpatrick in 1959. These two models join together the 
Management Information Sciences (MIS) traditions with learning and business traditions via the 
metric of User Acceptance or Level 1-Reaction. 

This paper will fully detail the proposed model in Figure 1, and conclude with relevant 
recommendations for learning managers.  
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Fig 1: The proposed relationship between the TAM and Kirkpatrick models 

The Technology Acceptance Model 
 

 

Fig 2: The Technology Acceptance Model 

Davis’ original (Davis, F. D., 1989) study is heavily cited and used as a theoretical springboard for 
further validation and exploration of additional variables. The study’s stated objective was to make a 
case for robust variables to guide future research into technology user acceptance. Based on self-
reporting with a 7-point Likert scale, Davis surveyed 152 users in their use of four business 
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applications: e-mail, file editor, charting, and drawing. He then examined two key variables in their 
relationship to User Acceptance: Perceived Ease of Use and Perceived Usefulness. 

Perceived Usefulness (PU): Davis defines this as “the degree to which a person believes that using a 
particular system would enhance his or her job performance.” (Davis, 1989 p. 320). 

Perceived Ease of Use (PEU): Davis defines Perceived Ease of Use as "the degree to which a person 
believes that using a particular system would be free of effort” (1989, p. 320). 

Results of this study indicated somewhat counterintuitively, that Perceived Usefulness (PU) had a 
significantly stronger correlation with User Acceptance than did Perceived Ease of Use (PEU). Davis 
speculated that users who are motivated by potential benefits of an IT system will persevere even in 
the face of challenging user interfaces. PEU seemed to only weakly directly correlate with User 
Acceptance and indeed is more of an antecedent, or contributing factor to PU. Davis called for further 
empirical research around this model, which the MIS and learning communities were happy to provide 
by testing these variables against other models such as Self-Determination Theory (Roca, J.C. & 
Gagné, M., 2008) and Theory of Reasoned Action (Lee, Y., Hsieh, Y., & Ma, C., 2011).  

User Acceptance first introduced in the TAM, is the dependent variable in a wealth of studies and in 
the ones reviewed here, is also termed: 

 Learner Satisfaction (Gunawardena, C., Linder-VanBerschot, J., LaPointe, D., Lalita Rao, L., 
2010) 

 E-learning Continuance Intention (Roca and Gagné, 2008) 
 Behavioural Intention (Lee, Y. et al, 2011) 

With this variable one can begin to draw a connection between the MIS traditions with measurements 
of business value. As shown below, the independent variables impacting user acceptance, as well as 
user acceptance itself, align reasonably well with the first level of the Kirkpatrick model (see below), 
Reaction. 

 

The Kirkpatrick Model: binding User Acceptance with Business Value 
Donald Kirkpatrick first published his Kirkpatrick Model for training evaluation in 1959 in a series of 
articles for the American Society for Training and Development (ASTD). He presented it at the time 
as a sort of framework, not as an empirically-proven theory (Donovan, 2013). Since that time the 
human resources community has alternately adopted it as the gold standard and the research 
community has sought to discredit it and propose alternatives (Donovan, 2013). In fact, most 
enterprise learning management systems include functionality explicitly to support Kirkpatrick 
evaluations. The “levels” refer to gradations of evaluating the impact of a training intervention, first on 
the participants, then the benefit to the business: 

Level 1- Reaction: The degree to which participants find the training favourable, engaging and 
relevant to their jobs 

Level 2- Learning: The degree to which participants acquire the intended knowledge, skills, attitude, 
confidence and commitment based on their participation in the training 

Level 3- Behaviour: The degree to which participants apply what they learned during training when 
they are back on the job 

Level 4: Results: The degree to which targeted outcomes occur as a result of the training and the 
support and accountability package 
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(Kirkpatrick and Partners, n.d.) 

The Kirkpatrick Model and Common Industry Practice 
The Kirkpatrick method does not prescribe how to collect this data. In the author’s experience, 
organisations do so by a combination of surveys and objective evaluations of expertise. For example, 
Level 1- Reaction (or as this paper asserts, could also be considered User Acceptance) is commonly 
collected with a questionnaire immediately after completion. Level 2- Learning includes a pre-test to 
gauge learner expertise before the training, and a post-test to check for improvements, most often only 
the post-test. Level 3- Behaviour is a combination of the learner self-reporting whether they believed 
they have applied their learnings, with a questionnaire to the line manager and ideally some peer 
colleagues for a “360-degree” approach. This is meant to make the data more objective. Level 4- 
Results is highly customised to the nature of the targeted outcomes, if it is gathered at all. 

A comprehensive ASTD 2009 study surveyed over 700 business, HR, and learning leaders about their 
attitudes toward evaluating training effectiveness. When asked how much they valued it, 35.9 per cent 
strongly valued Level 1 (Reaction) evaluations, 54.9 per cent strongly valued Level 2 (Learning) 
evaluations and 75 per cent strongly valued the results of Level 3 (Behaviour) and Level 4 (Results) 
evaluations (ASTD, 2009). 

Yet these same practitioners do not measure what they purport to value most. 91.6 percent reported 
gathering data on Level 1 and 80.8 measure Level 2. The responses drop off radically for Levels 3 and 
4, with 54.6 percent and 36.9 percent responding they evaluate Behaviour and Results (Level 3 and 
Level 4), respectively. 

Kennedy, Chyung, Winiecki, and Brinkerhoff (2014) surveyed and interviewed training managers and 
found the top two reasons for not measuring Behaviour and Results (Levels 3 and 4) were lack of 
resources (time, manpower) and insufficient support from management. The third-most important was 
lack of expertise or understanding of how to do so. Organisations who measured Learning and 
Reactions were often mandated to do so by government regulations, had managers who were 
supportive of learning being closely aligned with strategy, had a culture of being “data-driven,” or a 
combination of these factors.  

Even though it may not be the most compelling indicator of business value, Reaction is the most 
convenient to collect, so that is what gets measured most often. One key question is whether a positive 
learner experience duly corresponds to learning, performance on the job, and by extension, business 
value? 

Correlative relationships between Kirkpatrick Levels 
This discussion equates Level 1- Reaction to User Acceptance of Technology, Level 2- Learning to 
the first element of Learning Transfer, Level 3 to the second stage Learning Transfer, but over a 
longer time interval. As mentioned above, the learning community is generally only measuring Levels 
1 and 2 with regularity, yet Level 3 is interesting as a confirmation to business leaders that an 
investment in learning was worthwhile. Due to the lack of studies as well as industry practice in this 
area, this paper will not address Level 4- Results to Return on Expectations, or a Level 5- Return on 
Investment (ROI), which is included in the Phillips ROI model (Phillips, 1995). The Phillips ROI 
model incorporates elements of the Kirkpatrick model but establishes a full methodology for 
measuring ROI.  

When Kirkpatrick first proposed the model, he did not imply that each level would impact the next, 
e.g. that a positive learner Reaction would positively impact Learning or Behaviour. Donovan (2013) 
points out that Kirkpatrick seemed to change his thinking in 1994 regarding the Reaction and Learning 
levels, and proposed that the levels represented causal linkages rather than simply a taxonomy: 
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“If training is going to be effective, then it is important that trainees react favourably 
[i.e. provide good results on Reaction- Level 1 measurement].” (Kirkpatrick 1994, p. 
27) 

“Without learning, no change in behaviour will occur [i.e. good results on Learning- 
Level 2 are necessary to facilitate Behaviour- Level 3 improvements].” (Kirkpatrick 
1994, p. 51) 

Perhaps it is intuitive to assume a learner must enjoy an activity to be intellectually open enough to 
learn. Researchers took up the gauntlet and searched for empirical evidence to validate whether the 
Reaction level had a positive effect on the Learning level and so on. The results seem inconclusive. 
Several studies cited in Donovan (2013) showed that correlations have varied widely and that a 
learner’s Perceived Usefulness was actually a greater predictor of learning transfer than their 
favourable reaction (cited Alliger and Janak 1989; Alliger, Tannenbaum, Bennett, Traver, & Shotland, 
1997).  

Warr, Allan and Birdi (1999) challenged these findings in their study of 123 auto repair technicians. 
With a combination of self-reporting and objective testing, this study found there was a correlation 
between a positive learner Reaction (Level 1) to the training and objective test results (Level 2-
Learning). However, there was little correlation between short-term recall of concepts in Level 2 to 
longer-term use of the trained equipment in the job one month later (Level 3- Behaviour). Rather, 
management and peer support correlated more strongly with better transfer of learning to the 
workplace than did a positive learner reaction or short-term recall on a test. The inconclusive findings 
explain why there is a question mark in the proposed model diagram in Figure 1, between User 
Acceptance and Learning Transfer. 

Bringing the discussion back to the originally-proposed model, it is possible to provide a view of 
which variables impact these key elements of the TAM and Kirkpatrick model. One can associate 
them in a few categories to aid understanding: 

 

 

Fig 3: Categories of variables which impact User Acceptance and Business Value 
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These variables relate with each other, User Acceptance and the two elements of Learning Transfer 
directly in a potentially intimidating fashion. Figure 4 is provided for reference as each variable is 
detailed in the next section, with the variable colour-coded for its respective category in Figure 3. 

 

 

Fig 4: Variables impacting User Acceptance and Business Value 

Interrelated potential drivers to User Acceptance and Business Value 

Learner-internal considerations 
 

These variables (shaded in light blue above) imply characteristics of the learner as an individual and 
his or her attitude toward the training intervention or technology platform. They correlate powerfully 
with other aspects of the model and are likely the most important considerations for those designing 
learning programmes. 

Perceived Usefulness (PU): As described above, PU emerges as one of the most powerful predictors 
of user acceptance and positive learner reaction (Davis, 1989, Alliger and Janak, 1989). Figure 4 
shows how almost every other variable has a direct or indirect positive correlation with it. 

Computer Self-Efficacy, related to Perceived Competence, Individual Experience with 
Computers (ICE) and Online Self-Efficacy: Computer Self-Efficacy “reflects an individual's beliefs 
about his or her capabilities to use computers” and is tied to Bandura’s work on self-efficacy 
(Compeau, Higgins, & Huff, 1999, p. 147). This variable is examined in several studies and is found 
to correlate strongly with user acceptance. Roca and Gagné (2008) surveyed 166 white-collar workers 
in the UN enrolled in a three-week online learning programme. They used a measure of Perceived 
Competence in their study and found that it was a significant predictor of Perceived Ease of Use (see 
below). Lee et al measured the ICE concept (2011) separately from Computer Self-Efficacy in their 
survey-based study of 357 Taiwanese white-collar employees, and showed that both variables strongly 
correlated with Perceived Ease of Use (see below). The Gunawardena et al (2011) study showed this 
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variable correlated most highly with user acceptance of an engineering online learning programme, 
and that at times even users who considered themselves “computer-savvy” had challenges. 

Perceived Difficulty examined by Warr et al (1999), is the degree to which the learner who completed 
training found it was difficult to understand. This aspect predicted a significant negative self-reported 
transfer of trained skills on a piece of electronic equipment to auto repair shops. 

Organisational 
 

These variables (shaded in grey in Figure 3) explore how the learner’s organisation supports his or her 
effort to participate in learning and apply it later to daily work. The diagram shows these variables 
have a diffuse influence on each dependent variable and are therefore significant for business leaders 
to consider seriously. 

Perceived Autonomy Support: Learner autonomy is the ability to self-organise one's actions and 
feels free to pursue an activity (Roca & Gagné, 2008). Roca and Gagné took this concept from the 
Self-Determination Theory (cited Ryan & Deci, 1985) to create the concept and defined it as an 
influential person’s interpersonal style, whereby the influencer offers choices, considers the learner’s 
motivations, provides rationales for engaging in the training, and encourages the learner to take 
initiative. Their study of white-collar UN workers showed this factor correlated with Perceived 
Usefulness, Perceived Playfulness (see below) and Perceived Ease of Use (see below). Interestingly, 
the correlation was strongest with Perceived Playfulness, indicating that learners who are given respect 
and freedom tend to enjoy e-learning more. 

Organisational Support refers to the culture and practices of the organisation to support learning 
with technology, to include sufficient orientation and guidance on how to use the systems. Lee, Y. et 
al (2008) found that organisational support significantly affects Perceived Usefulness and the intent to 
use the system more in the future.  

Management Support implies the line manager supporting any change management communications 
around new learning systems, ensuring the employee has adequate time for learning, and setting the 
example by visibly using the system him or herself. Lee, Y. et al’s (2008) study showed that 
management support significantly impacted the subjective norm (see below), Perceived Usefulness, 
Perceived Ease of Use (see below), and the intention to use the system in the future. Warr et al (1999) 
in their study with auto mechanics, found supportive management to significantly predict transfer of 
learning to the job one month after training. 

Organisational Incentives: refer to some reward being offered to a learner for completing a training. 
Gunawardena et al (2011) included this variable in their study of online engineering learners. The 
findings were not significant in this particular study but it is included in the interest of completeness 
and potential for further investigation. 

Social 
 

Social factors, shaded in yellow in Figure 3, encompass the sense of support the learner feels in his or 
her work and personal environment from people who are important to him or her. These variables are 
impacted by the Organisational factors and in turn have a profound effect on several others discussed 
here. 

Collegial Support refers to the support the learner receives from colleagues to transfer new learning, 
as well as the value colleagues place on it. Gunawardena et al (2011) found that collegial support was 
the most significant predictor for (self-reported) transfer of learning to the workplace. 
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Subjective Norm is related to collegial support but mentioned separately for rigour, in that the term 
originated with the Theory of Reasoned Action (TRA), which is frequently used as a construct for 
research of technology user acceptance and has been empirically tested (Lee, Y. et al, 2011, cited 
Taylor & Todd, 1995). It refers to the learner’s sense that people who are closest to him or her believe 
s/he should continue with a certain behaviour. Lee, Y. et al (2011) found, consistent with other studies, 
that Subjective Norm impacts Perceived Usefulness and Perceived Ease of Use (see below). 
Additionally, their study used Subjective Norm as a dependent variable on Management Support and 
Organisational Support, which they found positively impacted Subjective Norm. 

Relatedness is the sense the learner has that s/he has a close relationship to important people in life, 
such as colleagues, family, or the work organisation. Roca and Gagné (2008) posited that based on 
work in Social Determination Theory (cited Deci & Ryan, 2000), a learner who is not intrinsically 
interested in the content of a training intervention may “power through it” due to social motivators, 
and that this would positively affect a learner’s Perceived Usefulness and Perceived Playfulness 
(enjoyment of the learning). They found that perceived Relatedness did correlate with enjoyment, but 
not a perception of usefulness (Roca and Gagné, 2008). 

Instructional Design 
 

Instructional design is an entire discipline in itself so the author did not attempt to comprehensively 
explore this area. This paper provides only a sample to illustrate the model in the scope of this review. 
Only selected variables appear in Figure 3, shaded in green. 

Realistic Scenarios and Cases: Gunawardena et al (2011), and Lee, J. (2010) collected responses 
from corporate learners who reported that realistic practice scenarios were the most valued portion of a 
learning intervention and contributed the most to their learning transfer. Indeed, the Lee, J. (2010) 
study reported that unrealistic or “happy ending” scenarios had a much more predictive (negative) 
effect on transfer from an online learning to classroom learning, than any positive effect from the 
appropriate realistic scenarios in the classroom.  

Setting Learning Goals: Learners who set goals with their line managers before a training self-report 
a higher level of learning transfer to their jobs (Gunawardena et al, 2011). This technique is of course 
related to Management Support. It is presented here to assert that it is critical to consciously build this 
into a learning design and enforce it, presumably along with a follow-up activity sometime after the 
training. 

Learner-Learner Interaction: Gunawardena et al. (2011) found that learner-learner interaction 
(including in online discussions) contributed negatively to learner satisfaction in a distance-learning 
programme. This is significant as instructional designers try to leverage Constructivist and Situative 
learning theories in the design, in an attempt to have learners teach each other. 

 

(System) User Experience 
 

Similar to Instructional Design, the study of user acceptance of technology systems and user 
experience is well-explored and interdisciplinary, including practitioners from the technology, 
psychology, and learning fields. Summarised here are only a sample of variables which emerged in 
studies related to learning supported by technology. These variables appear shaded in pink in Figure 3. 

Perceived Ease of Use (PEU): Roca and Gagné (2008) studied PEU as both a dependent and 
independent variable. They found a learner’s Perceived Competence influenced their Perceived Ease 



(15) 

 

12

of Use with a system, or restated, the more confident the learner was with the technology, the more 
likely the learner believed it easier to use. This in itself may seem a banal finding, however they, as 
well as Lee, Y. et al (2011) confirmed Davis’ (2008) finding of positive correlation for PEU impact to 
Perceived Usefulness. Additionally, both research teams found a stronger correlation between PEU 
and User Acceptance than Davis did in his seminal study. In other words, a learner who finds a system 
easy to use will also find the learning content more useful, and will have a greater likelihood of 
wanting to continue using the learning technology. 

Perceived “Playfulness”: Roca and Gagné (2008) included this variable in their study based on some 
earlier work (cited Agarwal and Karahanna, 2000) and it means how spontaneous the user is in 
interaction with, and how much the user enjoys using the technology in question. They studied 
Playfulness as both a dependent and independent variable and found that Perceived Relatedness (see 
above) was a strong predictor of Playfulness, and that Playfulness was associated with Perceived 
Usefulness, Perceived Ease of Use and User Acceptance. To summarise, a learner who has strong 
social connections will be more likely to enjoy an interaction with learning technology. As a result, the 
learner will find the content useful to his or her job, the system easy to use and the entire experience 
something s/he will want to repeat. 

Whilst reading through these descriptions and examining Figure 4, it is clear these variables are 
interrelated and impact User Acceptance of Technology, Learning, and Behaviour in manifold 
combinations. The challenge is then how to take action on this information? 

 

Discussion 
Learning leaders have a wealth of indicative variables available to leverage in their design and 
delivery of learning programmes. Some recommendations one can take from them in terms of learning 
technology: 

 An impression of user-friendliness is important for a positive reaction, but it is not as 
important as Perceived Usefulness. Look to how to maximise the organisational and social 
factors which can convince learners that a training intervention will benefit them, and they 
will tolerate useability challenges to get their expected reward. 
 

 One cannot assume that even computer-savvy learners are comfortable with learning systems, 
and Computer Self-Efficacy powerfully predicts whether they will have a positive experience. 
Although it’s always desirable to make a system as user-friendly as possible, some aspects of 
a user interface may be outside the organisation’s control. It is therefore sensible to always 
include content orienting the learner to the systems they will need to master in order to 
complete their training. 
 

 If a learner who has completed a training intervention still believes the subject matter was 
difficult, it is highly unlikely the training intervention will have been worth the investment. A 
question on the end-of-course quiz will help trainers to identify these learners and offer 
additional coaching. 
 

 Organisational and social support variables have a consistent positive impact all the way 
through to transfer of learning on the job. As a learning professional one can’t micromanage 
every single line manager or colleague, but one can require proof of learner conversations 
with their leadership as part of the instructional design. For example, a standard guideline for 
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a post-training one-to-one with the manager could include planning for opportunities to 
practice the new skill, to share with the rest of the team, and defining how the team can 
support the learner going forward. 

 

Industry standard practice as well as peer-reviewed research into user acceptance and learning transfer 
gives the impression of being empirically robust. Unfortunately, it is often based at the core on learner 
self-reporting to surveys or interviews, as was every single study mentioned in this paper. This method 
of data collection can be subject to any number of cognitive biases. To increase statistical reliability of 
case studies it is therefore crucial to include more data about each learner’s experience, such as 
observation or input from the trainer, line manager or colleagues. Furthermore, it would be interesting 
to find empirical studies including actual usage data from relevant systems. For example, a learning 
programme about a technology tool could combine reports from the learning management system 
about each learner’s performance in the training. These reports could be counter-referenced with 
actual usage data from the trained system and even helpdesk tickets. These types of additional data 
points are certainly technically possible today and would provide less biased research data than do 
surveys leveraging self-reported recall.  

Learner-learner interaction and learner-student interaction as components of instructional design 
emerged in the Gunawardena et al (2010) study but needed more examination. The Lee, J. (2010) 
study mentioned that learners valued highly any coaching they could get from the instructor. As 
learning experience designers attempt to incorporate constructive and situative features available in 
their learning systems, it would be compelling to further research these dynamics within an e-learning 
context for their effect on learner satisfaction. 

Conclusion 
This review addressed three questions, first how one can describe “business value” in the context of 
learning development. A conceptual model links together the TAM from the MIS community with the 
Kirkpatrick model from the learning and business communities to define learner reactions, learning 
and behaviour as common indicators of business value. 

Second, the study examined standard industry practice in terms of measuring these indicators. 
Learning professionals currently are performing only the most rudimentary of evaluations of their 
businesses’ investment in learning, and using past performance as an indicator, this will likely 
continue. Therefore, this discussion included only the most practical metrics and looked at ways to 
positively impact them, regardless of whether they are being measured. 

Finally, this review detailed a wealth of variables available for learning experience designers and 
learning professionals to consider as they design and deliver their programmes. The ambition is that 
introducing good practices will lead to a systemic level of high quality and realised business value for 
each training intervention. 

 

References 
American Society for Training & Development (ASTD) (2009), The Value of Evaluation: Making 
Training Evaluations More Effective (Alexandria, VA: ASTD Research Department). 

Agarwal, R., & Karahanna, E. (2000). Time flies when you’re having fun: Cognitive absorption and 
beliefs about information technology usage. MIS Quarterly, 24(4), 665–694. 



(15) 

 

14

Alliger, G. M., & Janak, E. A. (1989). Kirkpatrick’s levels of training criteria: Thirty years later. 
Personnel Psychology, 42(2), 331–340. 

Alliger, G. M., Tannenbaum, S. I., Bennett, W. Jr., Traver, H., & Shotland, A. (1997). A meta-analysis 
of the relations among training criteria. Personnel Psychology, 50(2), 341–358. 

Compeau, D. R., Higgins, C. A., & Huff, S. (1999). Social cognitive theory and individual reactions to 
computing technology: A longitudinal study. MIS Quarterly, 23(2), 145–158. 

Davis, F. D. (1989). Perceived usefulness, perceived ease of use, and user acceptance of information 
technology. MIS Quarterly, 13(3), 319–340.  

Deci, E. L., & Ryan, R. M. (1985). Intrinsic motivation and self-determination in human behavior. 
New York: Plenum Press. 

Donovan, P. (2013). Chapter 9. The Measurement of Transfer Using Return on Investment. In 
Schneider, K. (Ed.) Transfer of Learning in Organizations (pp. 145-168). Cham: Springer. 

Goodhue, D., & Thompson, R. (1995). Task-technology fit and individual performance. MIS 
Quarterly, 19(2), 213-236. 

Gunawardena, C., Linder-VanBerschot, J., LaPointe, D., Lalita Rao, L. (2010) Predictors of Learner 
Satisfaction and Transfer of Learning in a Corporate Online Education Program, The American 
Journal of Distance Education, 24:4, 207-226. 

Kennedy, P., Chyung, S., Winiecki, D., & Brinkerhoff, R. (2014). Training professionals' usage and 
understanding of Kirkpatrick's Level 3 and Level 4 evaluations. International Journal of Training and 
Development, 18(1), 1-21. 

Kirkpatrick, D. (1994). Evaluating training programs. San Francisco: Berrett-Koehler. 

Kirkpatrick, D., & Kirkpatrick, J. (2005). Transferring Learning to Behavior: Using the Four Levels to 
Improve Practice. San Francisco, CA: Barrett-Koehler. 

Kirkpatrick Partners. (n.d.). Return on Expectations (ROE). Retrieved October 1, 2018, from 
https://www.kirkpatrickpartners.com/Our-Philosophy/Return-on-Expectations 

Kirkpatrick Partners. (n.d.). Return on Expectations (ROE). Retrieved October 1, 2018, from 
https://www.kirkpatrickpartners.com/Our-Philosophy/ The-Kirkpatrick-Model 

Lee, J. (2010). Design of blended training for transfer into the workplace. British Journal of 
Educational Technology,41(2), 181-198. 

Lee, Y., Hsieh, Y., & Ma, C., (2011). A model of organizational employees’ e-learning systems 
acceptance, Knowledge-Based Systems 24 355-366. 

McKinsey (2015, January). Building capabilities for performance (Rep.). Retrieved October 1, 2018, 
from McKinsey & Co website: https://www.mckinsey.com/business-functions/organization/our-
insights/building-capabilities-for-performance 

Paradise, A. (2007). State of the industry: ASTD’s annual review of trends in workplace learning and 
performance. Alexandria: ASTD. 

Phillips, J. J. (1995). Return on investment-Beyond the four levels. In E. Holton III (Ed.), Academy of 
HRD 1995 conference proceedings. Baton Rouge: Academy of HRD 



(15) 

 

15

Roca, J.C. & Gagné, M. (2008). Understanding e-learning continuance intention in the workplace: A 
self-determination theory perspective. Computers in Human Behavior 24, 1585-1604. 

Schneider, K. (Ed.) (2013). Transfer of Learning in Organizations (Vol. 9783319020938). Cham: 
Springer. 

S. Taylor, P.A. Todd, Assessing IT usage: the role of prior experience, Management Information 
Systems Quarterly 19 (4) (1995) 561–570. 

Van Buren, M. E., & Erskine, W. (2002). The 2002 state of the Industry report. Alexandria: American 
Society for Training and Development. 

Warr, P., Allan, C., & Birdi, K. (1999). Predicting three levels of training outcome. Journal of 
Occupational and Organizational Psychology, 72(3), 351–375. 


